2 A aB# B)

ERAERRALE

I
g
i
=
i

S
G
L4

Mt

113-2BF EEHREEN

b REI113E 115



= i

FERE— | WERBFET Probability and Statistics ..., 5

ARTEEEZNEEIL oottt sttt bbb 5

FRAEPIES A ... cesssssse e ssssss et st 6
FRABRTEE FT T oo eeeeiss e eessssss st ss s st e 7
FARAEZEIK wotrvvversmesessesneessssssss s sssesse e b et R 7
FEREL | ATEEMIE (FEDETE) oo sssssessssssessssssessssesnes 8

ARTEERZNEEIL oottt bR 8

ARTE I BT IRA ..ot ssssse st bbb 8
FRABFEBETTTU cooorrveeereriee i ssisesssisse s ssiss s ssssses s s e 9
FRTEZE K .o rvvveeseeseseesneessesssse s ssssssse s esssse s e e 9

FTERE=  EAAATIEZHOANER (BB ) s 10

2



FRTE IR I ..o sessise et ssses s sesses s enses 10

FRABRTEETT TN oooeeeeveeeeesss e sessssss s sesssss s e 11

FRTE ZEK covornererimmeeesisnesesisseesestsse st st ks Rt bR 11

FEFRREN : EATAl : XFERBBEMNRBEETR (2EME ) i, 12

ARIEEEZRIE ML oottt sese bbb 12

AT IR KI ..o sesisse s sssese s s 14

FRABFEEE TTTU woovneeveimeeeniseeesisse st essss et s bt bbb 15



ARTE I BT IRA ..ottt s 16

FRABRTEE TT T oo ctessisees i sessessss s essesss s essss s s s s 17

FARTE ZEOK ovoonerevesmesesssseessssssesessssae s ssssse s ssease s s s bt b 17



BRIE— | WRBIRET Probability and Statistics
e EAER

WRBR : QEAS

FAIEZEN : AR

ARAEL . 492000\ (fRE 200 AEFRER)

FAERARAI . 213

BERsES © P

LT - AR E

FERESRT - 3BIUT4F 14:30-17:30 3B IUR% - 20:00-22:00

BREIZR[E2/20 20:00-22:00 ~ 3/6 20:00-21:00 ~ 3/20 20:00-21:00 ~ 4/10
20:00-21:00 ~ 5/1 20:00-21:00 ~ 5/15 20:00-21:00 - 6/5 20:00-21:00 # -:&E

BTSSR 4/17 14:30-17:30
BRI =5 6/12 14:30-17:30
iREE FRRMUE : NTU cool FE=

ARIEAEE

ERNBEEBHLEA) : 8_50_REBAEE 1 B
Ao I 1B AL
1. Experiments, Models, and Probabilities

1) Applying Set Theory to Probability



2) Conditional Probability
3) Independence
2. Basics of Random Variables
1) Definitions
2) Probability Mass Function (PMF)
3) Families of Discrete Random Variables
4) Cumulative Distribution Function (CDF)
5) Probability Density Function (PDF)
6) Families of Continuous Random Variables
3. Random Variables and Expected Value
1) Conditional Probability Mass/Density Function
2) Probability Models of Derived Random Variables
3) Variance and Standard Deviation
4) Expected Value of a Derived Random Variable
4. Multiple Random Variables
1) Joint Cumulative Distribution Function
2) Joint Probability Mass/Density Function
3) Marginal PMF/PDF

4) Functions of Two Random Variables
6



5) Conditioning by a Random Variable
6) Independent Random Variables
5. Sums of Random Variables
1) Expected Values of Sums
2) PDF of the Sum of Two Random Variables
3) Moment Generating Functions
4) MGEF of the Sum of Independent Random Variables
5) Random Sums of Independent Random Variables
6) Central Limit Theorem

7) Law of Large Numbers

D

e 4=

Probability and Stochastic Processes - A Friendly Introduction for Electrical and

Computer Engineers," Second Edition

Y EA AP

WIEAE

2/20 HEREEN 20:00-22:004% L6125 1858

A 2/27 HRilm  EamARERE

3 3/6 HRAEMEE R IRAHER 20:00-21:00 B 4 L&



w
g
=
w

m-

3/20

3/27

4/3

4/10

=
(=]

4/24

5/1

=
N

5/8

=
w

5/15

4/17 14:30-17:30

HRIBU M EBREKE

MEtEEE - 2EDHRE (CDF) &
HRESRE (PMF) - BEMHERD
il

BEEU R M0l R E R EPDFEA
EERE DI

EERERM I EHEE |

HZE | - BEREZRE - REER
DR

BeE
BEMES M BERE
By E

MRERSH N 2R R MR

E
R 1 (BEED)

BER BRI A - BERREMGF - £

BB 2 SR b SRABIR 32
ey
(EHER

—_ofRiIgE

20:00-21:00 E&#R LiE=E

20:00-21:00 EL#R LB

20:00-21:00 B 4 L&

20:00-21:00 EL#R LB

20:00-21:00 EZ#R s



6/12 14:30-17:30 HARFIE

PAERTE TT T

i S RIERE(50%). MPRENEME(5%). MRRENEMNE(25%)

R IE 22K



BRE_  ALEZMIE (Al Ethics)
B YIN-ER

FRER  REAE

FRIERAA . HIEE

FIARAR : 42000 A (IRE2100 \AFIRER)
FERARAI : 23T

RRES P

A IREFUERE

ERBEAMBEE . AERIAR LEBRRBEERNYTONEG. ARBEE M

BB, TERMINIRELE
B =i EERISE - 838 =15:20~18:10
#=ph FRROIE :
ARIEAEE

ERNBEABHLEA - B10RBEFLIZHH

—

Ao I 1B AL

ok

AREEEFABERBARBABERMAEBRMMS RANMIE. ERETZH

B, Bt BENBPERRBEBANZREELUABERMERS  UAETEMESHN
BEAHE. BER , BRBANERICRAM 2 8O 2ANRRAEORR., #E , KX
AARERNBEEANRET  WATARIMETY Rt EHEBUEEE—_E. %, &
iz el AR Z R RIWABERFBHE., RRAKSR. MBARETEAF

Z. MAZIWmEZR. URSBEERAANHSEHBECS IR, &RE , FRBHEE
10



HRPLEEHECHBRERECEFIBNAZRRLEITHERT X,

22ZH

1. Borg, J. S., Sinnott-Armstrong, W., & Conitzer, V. (2024). Moral Al: And How We
Get There. Random House.

W

2. Russell, S., & Norvig, P. (2021). Chap. 1 & Chap. 27. In Artificial intelligence: A
modern approach (4th ed.). University of California, Berkeley.

3. Gabriel, I. (2020). Artificial intelligence, values, and alignment. Minds & Machines,
30, 411-437. https://doi.org/10.1007/s11023-020-09539-2

4. Russell, S. (2019). Chap. 7 & Chap. 10. In Human compatible: Artificial intelligence
and the problem of control. Penguin.

5. Vallor, Shannon (2016). Technology and the Virtues: A Philosophical Guide to a
Future Worth Wanting. New York, NY: Oxford University Press USA.

!

6. Sl 4. 78 55 88 (Kate Crawford) (2022) , 55—, =. UE , EBEKALEEREW
M) , gt , pp. 71-108.

7. Z= 0.5 28 (Taina Bucher) (2021) , £ —. —. [UE , HB(HIRFWEE . &
BAPRENIGEESN)  SEBKIEE.

8. # S B . LI 58 B (Virginia Eubanks) (2022) , 55=. . A E , HBE(EIE
BE) , K BRLR.

9. ol 75.BR JE # (Cathy O’Neill)(2109) , £—. +& , HBE(REBENFHIZE R
B, KEHR.

10. # B = (Yolande Strengers) &2 . H i 38 (Jenny Kennedy) (2023) , £ —. —
g (BEZF)  BGRABIBELHRMT.

11. [EE A8 45 P& 48 (Nick Bostrom)(2016) , 55+=. +M. + A% , Y B(EE
£) , \EXE.

12. HIEE(2023) , KATESRI B AR e 2 BEARRE> |, (Blik. BEHAL
11


https://doi.org/10.1007/s11023-020-09539-2

Z)FH

13. H1E&(2024) , AIFBRRRVMIEEE

EMRIZTHE
(THCI/TSSCI)

14. HEZEQ024) AL EZZ#ARZARMER ? ATE

(BHEANEE—"2 ZERHNRE) , AEES LR,

ARz NA A4

37:167-220.

E Y ek

BEERREFMIR) , PRI

5545518 , B1-68. DOI: https://doi.org/10.7015/JEAS.202403_54(1).0001

BOREBZRS
ISBN: 978-626-393-008-7

. 114/2/19
. 114/2/26
. 114/3/5
n 114/3/12
114/3/19
- 114/3/26
114/4/2
- 114/4/9
- 114/4/16

114/4/23

ARz AAIRRER T

HIEE AN = B AR PR IR AE &

AIE R AGR A 7 48 7 R IEE B

AR IR (RIR At B R

AIEEENMERABAT Z B

AIBE AN ERBOAL ZEE

AR NBEZ B ?

HhER

ARVERE BB fF 7 fRIB ML B8
BA

Rz, fRREAKR

12

HlER Slido, TttC

H R Slido, TttC

BIR2E

mik2Eh  BREARLEALSH

AR BRAKLELSH

L)
it
%
I_l_
)
S
D‘_/IILI—

AR IR 280

BIR2EN  BRARKR LRLHWIE

BIR2EN  BRARKR LRLHWIE



(b 114/4/30 ANSEREE Y GEEMESE - BE26 , SREE FES RIS
BEERFEE
()| 114507 ARNSEREE Y GEEMESE - BE26 , BREE FEH RIS
BEERFEE
. 114/5/14 AR EEEE RIS E EIEoEy , BREHS RIS RIS
114/5/21 ASB THELB eSS EIZET , BEHE LRI RIE
. 114/5/7 5 FRE S AR AR S T N EEEEN
114/6/4 MRS EEARS TSR T A BB R BT ST S

AR ET T

P 5% A IEHE fic 2 6Bl H B8 55 AR
No. Assessment Item Percentage Description
1 RIEEERHE LREE 30% BR LR B/NRALE
2 =SB R 30% KIBAR LIRS AR W&
MRV S ACER
3 Hip 2l 15% Take home exam 24/)\[F
4 HRDHEHEEES 25 % B ERBREERI B3
TRIEFENAREPRED]
TEE75.

13



BEEFE10% , HAREBER

HEMEE 715 15%

R IE 22K

14




BRE=  ERRAATEENWAE  (Introducing
Generative Al for the Humanities )

ARz N E R

FRER  EEAL

FIRZNEN : FEFEL

PEARARL : 92000 A (FREL00A4ARRER)
FRERAR AL : BIASRE (RAMEHBEED)
RARES © X

BRESN  REIUEE

ERBEAMBEE BRERBENYE - HEMTU Al BRARE - BAERE
ANt E R R R IE 2 HET L E

[ 3=rE FERIERT ; 7Y 14:20-17:20
=P FRRMUE -
RIEE

ERNBEAB LS : 8 20 RBEF 1 BPH

Ao I 1B AL
EEARZNAZRZE ABAENSEEOHRERE fAEBENEE. £/
oA DABRAZHREERABESD , AMEMESEE  A2EHFAFLTHFHAX

TR E D RS

RERZFAS B AN RGN EERHN A RIMTARAAPIR. EARLZHEBR
15



£, B—RaEIRmAMNERREFZ AR, RERBUAXRBZOERERED
I ESSR BRI RER A RENEREARE  TERAAXEEHRBEN
EFRE  FhHEXELERE. ASHEE. BIWSLBEHRFSSE,

0y

22ZEH

\

UERNZEZRXAUMBE , L NERBEESE)

- Raschka, S. (2024). Build a Large Language Model from Scratch. Manning.

- Pai, S. (2025). Designing Large Language Model Applications: A Holistic Approach to LLMs.
O’Reilly.

- Porter, L. and D. Zingaro. (2024). Learn Al-assisted Python Programming. Manning.

- B 5 (2024). A/ B RAVE/E #EBEN L 72 R). KT XE.

AR N A A4

EE RS

2/20 RIEA AR BRI - FEBEREAGooglelRS: -

2
2/27 MEMLAEEREE - BRAWNES L
2 (1) (Prompting LLM)
3 3/6
MEMLABERRE - RRWNES L
2 (2) (Prompting LLM)
e EEMTABE /DR EE (RAG and
VectorDB)

16



3/20
I 3727
I 4/10
. 4/17
4/24
5/15
5122

4/3 (MIR)

BEMTNARBBEIERD (Fine-

Tune)

EMIA /REFESHERRIE (1)
Embeddings explained

ERMFA /ABESRERE (2)

(Transformer explained)

AR ILAINE T EZ L (1) (Speech
and Multimodal LLMs)

R VAIREMTEAF R EI1F (Artistic
and Musical LLMs)

15 £ B e [ R (Evaluation and

Benchmarks)

FEMTNAER (M) —ES1F()
(Compound Al)

FEMTAER (M) —ESFQ)
(Compound Al)

ZEEMIEE Guest lectures

17



5/29 ABEEROMESR  ABREEERE
&2 (Digital Avatar,
Humanoid/Alignment and Ethical Al)

6/5 ERBRERME RS

1. EHEEASEERERET  SEHAZINXMANBERIEREES ,
RIRBEMR.

2. REEZRE. BRIWREL.

3. BRMBERKFERENER  ERBIRINUBRBS EB BN B IS | WinH
HEAXBEIMAER

4. BHERANFESE  RHERERE  EPEETE-IIR=LRAER.

AR ET T

RE2HHT B[O 20%
EBRREBIEZE 40%
HAREREEE 40%

ERAIERAUSREMASRE

RR AT 22

. BELEMBNGATESNBERSY,

- ORRBEM \ide RESTBERDE (FRH) . FRASANES  BEES
B TRAREE 1314 BRSAR - BERLEIRAR,

18



SREN £ Al . XFHEEBEGBEKNRIEEETR
( Generative Al: Text and Image Synthesis Principles and

Practice )

REEARER
FREK . BUAKE
FIRZED | 2KEE
ARAE . 492000 (FRERRZR 500 A)
BE:REARRI - iR (MABESR)
RREs | X
RERT  IREIURE

ERBEAMBEE BREERERMT - WAEMT Al 27 - FBHEBEREHE
£ BIFRE -

@S &=EE R - 838 16:00-19:00

I=PE FERNIE ; Facebook [MAKEHZEZED L)

https://facebook.com/groups/nccumathonline/
EENEL =N
ERAZEBZLLA : 8 25 BEBEF 1 BB (BF)

AR 12 A 2L

EMT AL XFERBGEMNREAER ZE-PIREERAEHEEFEBORE K =
BEZFRA TBERI ANRIMARRNBEMRE. AWH ANRBZEREZE

b HMAAZEREMRE  FTREBRREMI AINERTE. BERIBH @K
19



A . GAN. Transformer. KEUZESHEEL. RAG. Al Agents. Diffusion Models Z#51i7 |
638 A T B0 OpenAl API. LangChain. HuggingFace & AutoGen % , BB I X FE R
FEGERNZIRER.

iz BIR

=

1. ERAEMT Al IZ0 AT, BIEMAME. GAN. Transformer. KBIFESREL.
RAG. Al Agents. Diffusion Models .

2. EREAZIEIEMAEL , A8 OpenAl API. LangChain. AutoGen.
HuggingFace. Fooocus , F I EZRAEMT Al FER,

3 BREVAEMT Al S EMIERE KRN EERERERREL AR E.

4, THREIARER K BEPMERNS  KRTURR—EBRNEMT Al 247,

Rz B8
BEFIENANDR  CHASEBNERFIELE K ZLRAERRIVERR.

BEAE  BERA/W  REDPHBEMA Colab ETTEAEF BB EMRBMMREIFE

EEEMW.
RERMEN  HEEFNEAT ARLETHR 28 A #REBY.

ZHENERER  REATHIRXFER. BIBER. Hakas A, Agentic Al 28
EEDE

RBHEBRALE  ARERNAE , BE5IERBERT ANLEXEE  BF BT
wEA Al

20



2/25

3/4
3/11

3/18
. N
.

\ﬁn

LIRS EERRNREP N A

AR TARERAE AL T Al AR

BRI

ERE AR (GAN)

XFER Al BRBGES SR

RNN X transformers ROEER [R3I8

ABESHEA (LM ) WER K RE
REERI R

TEECRIHRFEHSRA

21

FEBZRERNBEN - BT EEWRREN
L Al - /748 Colab SEESHERRIRIE

BTSRRI OB (BAER  ZRE
BAE ) ~ ARREAROEE  BF—
EFEN MNIST FREF DR

NMASEREFERT Al FERNEMET
MBS (GAN) - B245 GAN RYEMRIE -
ERNEAEHS  RRTEERABEEX
AR E

NXFEER Al WEXREE - 815 RNN &
transformers B "&1E 1 BB S
7T K seq2seq B « FARASERIE

RNN K transformers RO EAEL R EAZ0
B EEEKNEEES  BEIENEN
ROR R

EBMABESEHE (LLM) - BRER -
K fm¥R i B AR i

f#F OpenAl APl - B AITEES
ORI EZEYN



4/8

4/15

B 4/22

4/29

5/6

5/13

5/20

5/27

9 6/3

AR ET T

b

R

N

>
nlly

~

5

=

Gl

BERIERER (RAG ) NIREBREF

-—'—-

EXEE

nay

Agentic Al £2 Al Agents

BB (VAR ) RIBERIRE B VAE

Diffusion Models EA[E| &4 B4,

XFEE Al NREREF

Diffusion Models #: P& =28

Fooocus EfEE&ER

M FREANHRBERRDZ

ot

3

AZR

EERAERE

o FERRE:75%

BREFHARKEEMRBAN , BRIEFE WS

B, BREE

il

22

RAG WHZ - ERMaRELMNES
% - BYEER LangChain B9 RAG 4t
(RERDZ RAG TRl RO FEF APk
ftEEZ Al Agents ? &=t B2 E @
Agent - 748 AutoGen fEZR1 R FEFAZ
Bl

MRE - RBMTEERHEEERN
RE  ZAEGREMN Al WNEEZRE

48 Diffusion Models RIRIE - BIFENNE
B -~ U-Net ZREBHURIESE R

TAE TR, ERBWASEH CLIP
B ZZ0EGER A REKERS

Latten Diffusion Models, LoRA,

ControlNet &#=

N #AFR WebUI 222 Fooocus - £/
Stable Diffusion & FR#&EE & EF EI1E

R0 7. BUERERARESRE

R prompt EBHERKENIEE , Bo&S 3 7.

pall



o HAKREZE: 20%

BEAZER—EEK Al BEHAER., BRSEHRMAFTEER , LIREAAE
B EERBZNBMKRERZNE , BN

o RZLHE%

FERBEEE BEE RELERE SN LREH. 2HEMRES , EEIA
Z2E

o ZEIMNINA
HieA NES 2 AEMUEHKRE  EEREFEZGR , M5 2EAW
FE , 7 ZECHERI Al HEN LS. SREREZUER SAUBENSE

ARAE 220K

1. EfEH Google Colab BEImE&E ¥ 5 , FRIBERIE B O Google TRk, ANREZEH
FERZAEMRMES , BolZEEBE SR AEE K.

2. EFE GFEXK) X https://platform.openai.com/ 1B OpenAl APl Y credit , &%
SEEMTEEHRENE XK. AEPRMEESRHEAMEENHE  BEH
OpenAl AP| OJBEE EEE 5 & (FRIE T A ZMEARBTWE L),

3. FFRMAACUMNE BBV EFE LFm  NEEEWEERN A ELHE

EeAoERN. RRESERI AIRE | FRAREESRERE , AMBEED
i, BEEEHEIR. BENDEZEE M@ prompt IEEELRER K BEREMF

M
il
%\I
&
W
XH
o

23



BRER  FEEE (Deep Learning )
iRE L AE R

FERER | GIEREAE

FIRZEED . X - KR - #1515

HARAEL : 291000 A (FREFZRER 100 A)

BISRARR : IEIMIERR - ATULL LTS

KRS | 1Y

BEAR . HEAERE

EiEmEIAENEARE &

B FERIME ¢ Y 12:20-15:10

=i AR E -

Y EF =N

ERAZEABN LR - &_ 15 BBEF 1 BB

R A A AL

HERBFREP S| EXNBRBBRERRTECAEEER EZEREER  TRELR
[EEaS

BIE - BEHEERRER  ATERFRESRE -

The instructor will guide students through the latest international developments in
deep learning methodologies and applications. The course will cover theoretical
principles, mathematical derivations, and practical applications. Students will gain

hands-on experience with deep learning tools.

24



(1) IEBREEERMBEEE

(To understand the maths of deep learning techniques)
(2) HEREEBZTE (B PyTorch ~ TensorFlow )

(To familiarize with deep learning tools, such as PyTorch, TensorFlow, etc.)
(3) HREFREEERMNEHERENEREH

(To understand the latest developments and applications of deep learning

techniques)

3

£2Z=2H
1. 1. Goodfellow, Y. Bengio, and A. Courville, Deep Learning, 1st Ed.,MIT Press, Dec. 2016

2. R. S. Sutton and A. G. Barto, Reinforcement Learning: An Introduction, 2nd edition, Nov.
2018

ARz NA A A

EE RS wEE(EAD)

1 2025-02-20 NAREAKREEER
(Introduction & Machine Learning

Basics)

2 2025-02-27 REHR Lab 0 Warm up
(Deep Networks )

3 2025-03-06 BEMLAREE

(Convolutional Networks)

25



n 2025-03-13

) 2025-03-20
I 2025.03-27

7 2025-04-03

(BRRER)

' 2025-04-10
I 2025-04-17
2025-04-24
2025-05-01
2025-05-08
2025-05-15
20250522

Transformers

Introduction to Reinforcement

Learning

SR FEIEBE R
(Linear Factor Models &

Autoencoders)

Valued Based Reinforcement
Learning

RAUREY

(Diffusion Models)

R

(Normalizing Flows)

Policy-based Reinforcement

Learning

Offline RL

fe FE FE R P

fe FE FE R P

26

Lab 1 CNN

ED AR IR A S

(Recurrent and Recursive Nets)

(Generative Adversarial Networks)

Lab 2 Discrete control (Games, e.g.,
Atari)

Lab 3 Diffusion (+ GAN)



8 2025-05-29  HAREE

(Final Exam)

2025-06-05 [=fEHERR P

PAERTE TT T

4 Labs (done individually) 80%

Final exam 20%

AR T 22K

® You must have access to GPU equipped with at least 6GB of memory

27



ERIEN ¢ R EMEBEIRE ( Robotic Navigation and
Exploration )
BN
FRER  BTBEEKRE
FRIRZED : SHE8E
PEARABL . #1000 A (FREBFIERER 60 A)
FRARAI . BRESH
BRES . X
RERI  IREIURE
EEMEAEMBLARE . 1 - B - BIRAERNZREE
@S &=EE RIS « B8R —t £6:30~9:20
=i FRRIE : BIVBEABSERELI6HZE (=IEEL meet.google.com/wbh-
oihg-jsn))
EE Y EL =N

ERNBEEBHLES) : 8 10 REEHR 1 BREH

Ao I 1B AL

ARERADB-_ETZNE S , 25l HEIEE N Eith B2 & (SLAM). B
B8 75 =38 # (Scene Understanding) B2 1 2= & fin 19 E) /F 22 il (Action Control). B
EMEMBEZEN N D SWERUEAERENSIBRER A ERNRAEEEZ
RGB-based®I3DSLAMFT %, SREBENES D ESIHRBEBBNEAM R , BFERE

BERENRMEABNYMEHRAABRUE . BIFZEHIRED RIS S B R 8 21
28
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FUESE , W ARECBENB ARSI ETEREL.

b

e

\

=Z£H

Richard S. Sutton and Andrew G. Barto, Reinforcement Learning: An

Introduction, Second Edition, MIT Press, Cambridge, MA, 2018

Sebastian Thrun, Wolfram Burgard, and Dieter Fox , Probabilistic Robotics,2005. (Intelligent
Robotics and Autonomous Agents series)

Kevin Murphy, Machine Learning: A Probabilistic Perspective.

Daphne Koller and Nir Friedman, Probabilistic Graphical Models: Principles and Techniques,
1st Edition, 20009.

e lan Goodfellow, Yoshua Bengio and Aaron Courville: Deep Learning.
B EAAEA AN

E Y ek

2/17 Introduction to Robotic Navigation and Exploration

2

2/24 Kinematic Model and Path Tracking Control Lab 1

* Control System Basics

* PID Control

* Basic Kinematic Model

* Differential Drive Vehicle

* Pure Pursuit Control

* Kinematic Bicycle Model

3/3 Motion Planning Lab 2

* Motion Planning Introduction

* Path Planning

29



3/10

3/17

w
~
N
N

~N
w
S~
w
=

a/7

4/14

B 4/21

* Curve Interpolation

* Trajectory Planning

* Path Planning

Reinforcement Learning (1)

*MDP

* Value Function

* Bellman Equation

* Reinforcement Learning

Reinforcement Learning (l1)

* Q-Learning / Sarsa / DQN

* Policy Gradient / Actor-Critic

Project Environment Building (1)

Project Environment Building ()

Project Environment Building (l11)

SLAM Back-end (1)

* State Estimation and SLAM Problem

* Probability Theory and Bayes Filter

* Kalman Filter / Extended Kalman Filter

SLAM Back-end (II)

30

Lab3

Lab4

Lab5



* Graph based Optimization

* Graph Optimization for 2D SLAM (Bundle
Adjustment)

B 4/28 3D SLAM (1)

* Feature Descriptor

* Multi-view Geometry

* Lie Group & Lie Algebra

5/5 3D SLAM (II)

* 3D SLAM: ORB-SLAM

* Direct Method

* DNN-based SLAM

5/12 3D Embodied Agent

ul
<
=
e}

Paper Presentation (l)

5/26 Paper Presentation (II)

I 6/2

Project Presentation & Demo

BRI E T

o 1EZ:60% (15% for each HW)

o MXBEHE(0%)

o BEEHAREHEZENF. EHRSE. DEIRE): 30%
ARAE ZOK

31



® EHBEFEEBPythonEXRE - HREE - FEER -

® BEEHEGPURBH 2B -

® FREMABERANENG  AREFERAERRR L #E  AREFERNPE
B AR R AR E SR -
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